
Ab s t r Ac t
The project PROCTOAI: Enhancing Exam Integrity with Machine Learning proposes the development and implementation 
of PROCTOAI, a cutting-edge system aimed at bolstering the integrity of examinations through the utilization of machine 
learning techniques. With the pervasive rise of remote and online assessments, maintaining exam integrity has become a 
pressing concern. PROCTOAI seeks to address this challenge by employing advanced machine learning algorithms to detect 
and deter academic dishonesty, including cheating, impersonation, and unauthorized aids. By leveraging sophisticated 
facial recognition, behaviour analysis, and anomaly detection, PROCTOAI aims to provide educators and institutions with a 
robust solution to safeguard the credibility and fairness of exams conducted in virtual environments. Through its proactive 
approach to monitoring and intervention, PROCTOAI strives to uphold the standards of academic integrity and promote 
a level playing field for all learners.
Keywords: Machine Learning, Exam Integrity, Cheating Detection, Facial Recognition, Anomaly Detection.
SAMRIDDHI : A Journal of Physical Sciences, Engineering and Technology (2024); DOI: 10.18090/samriddhi.v16i02.01

PROCTOAI: Enhancing Exam Integrity with Machine 
Learning
S. A. Shegdar, Yash Repal, Krushna Ingale, Pratish Bamane*, Aniket Palkar, Saurabh Parchande
Department of Computer Science and Engineering SVERI’s College of Engineering, Punyashlok Ahilyadevi Holkar Solapur 
Vidyapeeth, Gopalpur, Pandharpur, Maharashtra, India.

Corresponding Author: Pratish Bamane, Department 
of Computer Science and Engineering SVERI’s College 
of Engineering, Punyashlok Ahilyadevi Holkar Solapur 
Vidyapeeth, Gopalpur, Pandharpur, Maharashtra, India, e-mail: 
pratishbamane5@gmail.com
How to cite this article: Shegdar, S. A., Repal, Y., Ingale, K.,  
Bamane, P., Palkar, A., Parchande, S. (2024). PROCTOAI: 
Enhancing Exam Integrity with Machine Learning. 
SAMRIDDHI : A Journal of Physical Sciences, Engineering and 
Technology, 16(2), 48-50.
Source of support: Nil
Conflict of interest: None

© The Author(s). 2024 Open Access This article is distributed under the terms of the Creative Commons Attribution 4.0 International License (http://creativecommons.
org/licenses/by/4.0/), which permits unrestricted use, distribution, and non-commercial reproduction in any medium, provided you give appropriate credit to 
the original author(s) and the source, provide a link to the Creative Commons license, and indicate if changes were made. The Creative Commons Public Domain 
Dedication waiver (http://creativecommons.org/publicdomain/zero/1.0/) applies to the data made available in this article, unless otherwise stated.

RESEARCH ARTICLE
SAMRIDDHI Volume 16, Issue 2, 2024 Print ISSN: 2229-7111 Online ISSN: 2454-5767

In t r o d u c t I o n

In the present landscape, maintaining the integrity of 
examinations poses a significant challenge. With the 

rise of remote learning and online assessments, ensuring 
fairness and preventing cheating has become more crucial 
than ever. PROCTOAI emerges as a pioneering solution at 
the intersection of education and technology, leveraging 
the power of machine learning to revolutionize exam 
invigilation. PROCTOAI is a sophisticated platform designed 
to enhance exam integrity through advanced AI algorithms. 
By harnessing the capabilities of machine learning, PROCTOAI 
provides a comprehensive approach to proctoring exams in 
both physical and virtual environments. Gone are the days of 
traditional invigilation methods that are often prone to errors 
and limitations. With PROCTOAI, institutions can embrace a 
seamless, automated, and efficient process that safeguards 
the sanctity of examinations. At its core, PROCTOAI utilizes 
cutting-edge machine learning techniques to analyze various 
facets of exam sessions. From facial recognition to behavioral 
analysis, the system meticulously monitors and evaluates 
student activities, flagging any irregularities or suspicious 
behavior in real-time. Through continuous refinement and 
training, PROCTOAI adapts to evolving cheating tactics, 
ensuring robust defense mechanisms against academic 
dishonesty. Moreover, PROCTOAI prioritizes user experience 
and accessibility. Its intuitive interface empowers instructors 
with comprehensive insights and controls, facilitating 
seamless integration into existing assessment workflows. 

Students, too, benefit from a non-intrusive experience, 
alleviating concerns about privacy while upholding academic 
standards. Beyond its immediate applications, PROCTOAI 
represents a paradigm shift in educational assessment 
methodologies. By embracing the potential of machine 
learning, institutions can transcend geographical barriers and 
offer secure assessments to a global audience. Furthermore, 
the data-driven insights generated by PROCTOAI enable 
educators to refine teaching methodologies and personalize 
learning experiences, fostering academic excellence. In 
essence, PROCTOAI stands as a beacon of innovation in 
the quest for exam integrity. By harnessing the capabilities 
of machine learning, it not only safeguards the fairness of 
assessments but also empowers educators and learners alike 
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to thrive in an increasingly digital educational landscape. 
With PROCTOAI, the future of exam invigilation is not just 
secure – it’s smarter.

LI t e r At u r e su r v e y
Academic integrity is a significant concern in educational 
institutions, and the shift towards online learning due to 
the COVID-19 pandemic has exacerbated the issue of exam 
cheating. Machine learning techniques have been proposed 
as a potential solution to detect and prevent academic 
dishonesty.

One approach to enhancing exam integrity is to treat the 
issue of identifying potential cases of cheating as an outlier 
detection problem. Kamalov et al. (2021) proposed a machine 
learning-based approach that uses students’ continuous 
assessment results to identify abnormal scores on the final 
exam. The authors used recurrent neural networks together 
with anomaly detection algorithms to address the sequential 
nature of student assessment data. Their results showed that 
the proposed method achieved a high level of accuracy in 
detecting cases of cheating on the exam.

Overall, machine learning techniques have shown 
promise in enhancing exam integrity in online learning 
environments. However, there are still challenges to be 
addressed, such as the need for large and diverse datasets 
and the potential for false positives and negatives. Further 
research is needed to develop more accurate and reliable 
machine learning-based approaches to detect and prevent 
academic dishonesty.

Another approach is to use natural language processing 
(NLP) techniques to detect plagiarism in student submissions. 
Alzahrani et al. (2020) developed a system that uses NLP and 
machine learning algorithms to detect plagiarism in English 
language essays. The system was trained on a dataset of 
student essays and achieved an accuracy rate of 96.5%.

Outlier detection is a well investigated aspect of data 
science. Anomaly detection hasbeen used successfully in 
many applications. For example, medical claims processing 
involveslarge volumes of data which necessitates the use of 
automated screening procedures.

A machine learning toolsuch as one-class SVM can 
be trained to obtain the boundary of the distribution 
of the initialobservations. Then new observations are 

categorized according to their distance from theboundary. 
In unsupervised methods, the algorithm is trained without 
a clean initial dataset ofnegative observations

re s e A r c h Me t h o d o Lo g y

Technology Understanding
Conduct a comprehensive review of existing literature on exam 
integrity, cheating detection, machine learning applications 
in education. Identify key concepts, methodologies, and 
technologies utilized in previous research. Clearly define 
the objectives of the study, including the specific aspects of 
exam integrity to be addressed and the goals for enhancing 
integrity through machine learning.

Dataset Selection
Gather relevant datasets consisting of exam data, facial 
images, behaviour patterns, and other pertinent information. 
Ensure data quality and integrity, adhering to ethical 
standards and data privacy regulations. Develop and train 
machine learning models for facial recognition, behaviour 
analysis, and anomaly detection.

Validation and Testing
Validate the effectiveness of PROCTOAI through extensive 
testing using simulated exam scenarios and real-world 
datasets. Evaluate the system’s accuracy, sensitivity, 
specificity, and overall performance metrics (Figure 1).

Implementation

Data collection and preparation
Gather a diverse dataset of exam-related images or videos. 
This dataset should include various scenarios such as students 
sitting for exams, interacting with exam materials, etc. Ensure 
the dataset covers a range of environments and conditions. 
Annotate the dataset to label instances of cheating 
behaviours (e.g., looking at another student’s paper, using 
unauthorized materials, etc.). Split the dataset into training, 
validation, and test sets (Figure 2).

Model selection and training 
After dealing with the data preparation we then go ahead 
with selecting appropriate machine learning architectures for 

Figure 1: Validation and testing Figure 2: Data collection and preparation
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object detection and/or image classification tasks. Popular 
choices include  YOLOv6 (You Only Look Once),. Consider 
pre-trained models to leverage transfer learning, especially 
if the dataset is limited. Fine-tune the chosen model on the 
annotated dataset using the training set. Utilize techniques 
such as data augmentation to increase the diversity of 
training examples and improve model generalization. 
Monitor the model’s performance on the validation set and 
adjust hyper parameters accordingly to prevent overfitting.

Integration with proctoring system
Develop an interface or API to integrate the trained model 
with existing proctoring systems or exam platforms. 
Implement real-time processing capabilities to analyse exam 
footage or images as they are captured. Ensure compatibility 
with various input sources such as webcam feeds or uploaded 
images/videos.

Behaviour detection and performance evaluation:
Utilize the trained model to detect cheating behaviours in 
exam footage or images. Implement algorithms to analyse 
detected instances and determine the severity or likelihood 
of cheating. Integrate mechanisms for alerting proctors 
or instructors in real-time when suspicious behaviour is 
detected. Evaluate the performance of the model on the 
test set to assess its effectiveness in detecting cheating 
behaviours. Measure metrics such as precision, recall, and 
F1-score to quantify the model’s accuracy. Conduct additional 
qualitative analysis to identify any false positives or false 
negatives and refine the model accordingly.

Deployment and maintenance
Deploy the PROCTOAI system in real-world exam 
environments, either remotely or in-person. Continuously 
monitor the system’s performance and collect feedback from 
users to identify areas for improvement. Update the model 
periodically to adapt to evolving cheating behaviours and 
maintain effectiveness over time (Figure 3).

Ethical consideration
Ensure the system’s deployment complies with privacy 
regulations and ethical guidelines regarding the collection 
and processing of exam-related data. Implement measures to 
protect the confidentiality of exam takers while still effectively 
detecting cheating behaviours. Provide transparency to users 
about the use of AI technology for exam proctoring and 
address any concerns or objections.

co n c Lu s I o n
The project “PROCTOAI: Enhancing Exam Integrity with 
machine Learning” represents a significant advancement in 
the field of academic integrity by harnessing the power of 
machine learning techniques to detect and prevent cheating 
behaviours during exams. Through the development and 
integration of state-of-the-art machine learning models, 
coupled with real-time analysis capabilities, PROCTOAI 
offers a robust solution to uphold the integrity of exams, 
whether administered remotely or in-person. Looking ahead, 
the project envisions further refinement and expansion, 
driven by ongoing advancements in machine learning 
and artificial intelligence. By embracing innovation and 
collaboration, PROCTOAI aims to set new standards for 
exam integrity, fostering a fair and meritocratic academic 
environment. “PROCTOAI: Enhancing Exam Integrity with 
machine Learning” represents a pioneering effort to address 
the evolving challenges of academic assessment. With its 
sophisticated algorithms, robust security measures, and 
commitment to excellence, PROCTOAI stands as a testament 
to the transformative potential of technology in education.  
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Figure 3: Deployment and maintenance


